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Our contemporary, increasingly digital societies generate vast amounts of textual data that provide
a rich source for sociological research. The scale of these novel data however poses a challenge to
the approaches sociologists traditionally use to study texts. In response, automated methods of
text analysis are becoming increasingly popular and the command of these methods a valuable skill
in academic environments as well as on the private industry job market.

This course introduces students to quantitative text analysis, reviews selected methods falling
within this category of approaches, and illustrates their implementation in the statistical
programming language R. Students will learn about the origins of quantitative approaches to
studying text and how they complement traditional, qualitative methodologies. Using recent peer-
reviewed publications students will gain an understanding of how these methodological
approaches can be used to answer sociological questions and, in hands-on lab session, students will
learn to implement selected techniques in R.

After successful participation, students will be comfortable reading current sociological research
using quantitative text analysis, have an understanding of the landscape of tools used within the
literature, and will have gained experience with their implementation in R.?

Intended Learning Outcomes

e Knowledge
o Successful participation in the class will prepare students to account for the need to
apply novel methodologies to large-scale text data
o Additionally, students will be able to identify methods of quantitative text analysis
suited to answer sociological question of large-scale text data

o Skills
o Students will gain facility with working with R in particular as it relates to
guantitative text analysis
o Students will be able to evaluate and put into perspective the benefits and
complementarities of quantitative text analysis with traditional forms of text analysis

e (Competencies
o Students will be able to plan sociological studies that leverage the potential of
modern large-scale text data
o Students will be able to specialize in cutting-edge methodologies in quantitative text
analysis

1 Acknowledgments: This syllabus takes inspiration from similar course offerings by Christopher A. Bail, Bart Bonikowski,
Kevin Munger, Stefan Miiller, Martijn Schoonvelde, and Marshall A. Taylor.



Course Components and Expectations

This course is comprised of methodological and substantive lectures, on the one hand, and hands-
on R lab session, on the other. For successful participation in this course there are three
expectations: First, thoroughly prepare for each class with the assigned readings. Second, actively
engage in discussion sections of lectures and provided R scripts in lab sessions. Three, prepare and
submit a portfolio exam consisting of three separate assignments. Further details for each
expectation are provided in the following.

Course Literature

The central aim of this course is to introduce students to the fundamentals of quantitative text
analysis in the social science and provide hands-on experience with the implementation of selected
techniques and methods in the R programming language. Given this hands-on focus, the required
readings for each class are relatively light with a focus on central concepts, methods, techniques,
and their implementation in R. Further readings with substantive applications for each method are
provided separately below.

The central textbook for the course is “Text Mining: A Guidebook for the Social Sciences” (Ignatow
and Mihalcea 2017). The book is available from Academic Books on the City Campus. Additional
readings include open-source online resources, short book excerpts, and peer-reviewed journal
articles which will be available through Absalon.

Required readings for each session will usually include a broad methodological and or substantive
overview and an example implementation of the content in R. Make sure to read the overview in-
depth, to get a general sense of the session’s content. Read the implementation with a primary
focus on the involved packages, functionality, syntax, and workflow, but do not feel obligated to
execute any code. We will do this collectively in the lab sessions.

Lab Sessions

Each substantive session is complemented by a hands-on lab session which will revolve around R
scripts meant to create familiarity with the implementations of the covered methods and
techniques. These lab sessions are intended as guided introductions to the methods and techniques
in R, and meant to provide the foundation for further, independent learning.

Disclaimer

This syllabus is subject to change as required by course progression or unforeseen events. In case of
changes, | will upload the updated syllabus with an Announcement to Absalon.



Exam

The exam for this course is a portfolio exam consisting of three assignments to be handed in
throughout the course. The three assignments will have to be revised based on the feedback
provided, combined into a coherent whole, and submitted at the end of the course. Both individual
and group assignments are possible. The page limit for individual assignments is 10 and group
assignments add 5 pages per additional student. The submission deadline for the exam is at noon
Danish time on June 8, 2021. For further details on exam submission, exam policies, and more
please refer to the Department of Sociology’s exam website.

Portfolio Items

The overall aim for the exam is for you to (1) identify a sociological phenomenon that could benefit
from quantitative text analysis, (2) identify a data source and method that is suitable to study the
phenomenon you identified, and (3) prepare the data for analysis, conduct the analysis, to the
extent possible, and discuss challenges and potential findings in relation to your chosen data,
method, and phenomenon.

The first portfolio item should introduce your chosen sociological phenomenon relating it briefly to
the existing literature, describe the data you intend to use to study it, and make the case for the
data’s suitability. Portfolio item number two should present your data with appropriate summary
statistics and descriptive visualization, discuss how it was collected or you collected it, and how you
prepared it for analysis. The last portfolio item should introduce an analytical method suited for
your phenomenon and data, present analysis results if you have them or how you would go about
implementing the analysis, and conclude with a discussion reflecting on the overall process,
including any results where applicable.

Portfolio Schedule

Separate portfolio items will have to be submitted through Absalon by the 8 PM (Danish time)
indicated in the table below.

Portfolio Item # Due Date Content
1 May 2, 2021 Introduction of phenomenon and data
2 May 16, 2021 Data pre-processing and description

3 May 30, 2021 Method description, (analysis result), and discussion



https://www.sociology.ku.dk/education/exams/

Course Outline

Session  Title Content Readings
1 Words of Welcome Introduction, history, and Ignatow and Mihalcea
terminology (2017, Ch. 1); Underwood
(2012)
2 Starting with Strings Basic string methods, Silge and Robinson
regular expressions, tidy (2017:1-7); Wickham and
text format Grolemund (2016, Ch. 14)
3 Trying out Texts Text pre-processing and Benoit et al. (2018);
corpora construction Ignatow and Mihalcea
(2017:52-9); Larson (2016)
4 Data Collection | (Online) archives and Schumacher et al. (2020);
application programming Veltri (2020:48-51)
interfaces
5 Descriptive Inference Term frequency, keywords Ignatow and Mihalcea
in context, and similarity (2017, Ch. 10); Silge and
Robinson (2017, Ch. 3)
6 Data Collection Il Web scraping Ignatow and Mihalcea
(2017, Ch. 3); McNulty
(2019)
7 Dictionary Methods Sentiment analysis, LIWC, Ignatow and Mihalcea
topic dictionaries (2017, Ch. 4 & 14); Silge
and Robinson (2017, Ch. 2)
8 Beyond Semantics Part of speech tagging, Ignatow and Mihalcea
named-entity recognition (2017:59-61 & Ch. 12);
Raja (2018)
9 Teaching Machines | Basics of supervised Hvitfeldt and Silge (2020,
learning Ch. 6.1-4 & 6.11); Ignatow
and Mihalcea (2017, Ch. 6)
10 Teaching Machines |l Classification and model Hvitfeldt and Silge (2020,
evaluation Ch.7.1-4,7.9,& 7.11);
Ignatow and Mihalcea
(2017, Ch. 11)
11 Learning from Topic modeling Bail (2018b); Ignatow and
Machines | Mihalcea (2017, Ch. 15)
12 Learning from Word embeddings Huang (2017); Hvitfeldt
Machines and Silge (2020, Ch. 5)
13 Emerging Techniques Text networks, image and  Bail (2018a); Steinert-
audio as text Threlkeld (2019)
14 Closing Chapter Conclusion, potential catch Ignatow and Mihalcea

up, and review

(2017, Ch. 16)




Further Readings

The following readings include substantive applications of the different methods covered in this

course and provide an insight into the breadth of sociological and social scientific scholarship more
broadly drawing on quantitative text analysis. Many of the readings relate to more than the specific
content they are grouped under.

Content

Readings

Approaches to text-as-data
in social science

Text pre-processing and
corpora construction

(Online) archives and APIs

Term frequency, keywords
in context, and similarity

Web scraping

Sentiment analysis, LWIC,
topic dictionaries

Part of speech tagging,
named entity recognition

Supervised learning

Topic modeling

Word embeddings

Text networks, image and
audio as text

Automated text-
generation

DiMaggio (2015); Evans and Aceves (2016); Gentzkow, Kelly, and
Taddy (2019); Grimmer and Stewart (2013); Ignatow (2015); Lucas
et al. (2015); Mitzel (2015); O’Connor, Bamman, and Smith (2011);
Petchler and Gonzalez-Bailon (2015); Roberts (2000)

Schoonvelde, Schumacher, and Bakker (2019); Blinder and Allen
(2016); Denny and Spirling (2018)

Bernau (2018); Freelon et al. (2020); Miiller and Schwarz (2020)

Gentzkow and Shapiro (2010); Harwood (2019); Lizardo et al.
(2018); Schwemmer and Wieczorek (2020)

Long and Eveland (2018); Schwemmer and Jungkunz (2019)

Bonikowski and Gidron (2016); Danowski, Yan, and Riopelle (2021);
Flores (2017); Gorman and Seguin (2015); Sporlein and Schlueter
(2020)

Martin, Rafail, and McCarthy (2017); van de Rijt et al. (2013)

Carlsen, Toubgl, and Ralund (2020); Hanna (2013); Hjorth et al.
(2015); Hopkins and King(2010); Kim (2021)

Chakrabarti and Frye (2017); DiMaggio, Nag, and Blei (2013); Farrell
(2016); Edelmann, Moody, and Light (2017) ; Light and Odden
(2017); Lindstedt (2019); Moeller, Munksgaard, and Demant
(2017); Mohr and Bogdanov (2013); Mohr et al. (2013)

Joseph and Morgan (2020); Kozlowski, Taddy, and Evans (2019);
Stoltz and Taylor (2019a)

Adams and Roscigno (2005); Bail (2016); Bearman and Stovel
(2000); Fuhse et al. (2020); Hoffman (2019); Hoffman et al. (2018);
Joo and Steinert-Threlkeld (2018); Light (2014) ; Stoltz and Taylor
(2019b); Rule, Cointet, and Bearman (2015)

Schwemmer et al. (2020) ; Vries, Schoonvelde, and Schumacher
(2018)
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